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Figure 3: Illustration of synthetic and WILD evaluation frameworks for measuring reliability, generalization, and
locality. Each framework comprises four key modules:➊ input, ➋ generation strategy, ➌ output truncation, and
➍ metric. Here, we use LLM-as-a-Judge as an example metric to illustrate WILD, which supports various metrics.

Preliminary Study. We conduct single-edit ex-
periments on Llama-2-7b-chat’s failed questions in
QAEdit (detailed in §5). As shown in Table 1, after
applying SOTA editing methods, the edited models
achieve only 38.5% average accuracy under QA
evaluation, far below previously reported results
(Meng et al., 2023; Wang et al., 2024b). This raises
a critical question: Is the performance degradation
attributed to the real-world complexity of QAEdit,
or to real-world QA evaluation?

4 A Tale of Two Evaluation Frameworks

To identify the cause of this performance gap and
guide further investigation, we first delve into the
experimental setup of both editing (synthetic) and
QA task (WILD) evaluations. We abstract them into
four key modules: input, generation strategy, out-
put truncation, and metric. This modular paradigm
enables systematic comparison between the two
evaluation frameworks, as shown in Figure 3.

Synthetic. We formalize the evaluation pipeline
commonly used in prior model editing works (Yao
et al., 2023; Wang et al., 2024b) as synthetic evalu-
ation framework, which implements the four mod-
ules in an idealized and overly simplified way (Fig-
ure 3a): ❶ input: using only question without addi-
tional context; ❷ generation strategy: employing
teacher forcing to feed ground truth tokens as input
during decoding3; ❸ output truncation: truncat-
ing output to match the length of target answer;
❹ metric: using token-level match ratio between
the target and generated answer as accuracy.

3The code snippets of mainstream editing evaluations with
teacher forcing are presented in Appendix A.3.

Module synthetic WILD

Input context-free context-guided
Gen. Strategy teacher forcing autoregressive decoding
Output Trunc. ground truth length natural stopping criteria
Metric match ratio LLM-as-a-Judge / EM

Table 2: Key settings of synthetic and WILD evaluation
across all four modules.

WILD. We propose the WILD (Without Interven-
tion, Live Decoding) evaluation framework based
on the standard QA evaluation protocol (Gao et al.,
2024), which implements the core modules in a
more realistic manner (Figure 3b): ❶ input: pre-
fixing question with contexts like task instructions;
❷ generation strategy: adopting autoregressive
decoding, where each output serves as input for
subsequent generation; ❸ output truncation: us-
ing predefined stop tokens (e.g., “.”, “\n”, and
“<|endoftext|>”) as signal to terminate genera-
tion; ❹ metric: WILD supports evaluation metrics,
including BERTScore (Zhang et al., 2020) and ex-
act match (EM). Given its popularity and alignment
with human judgment, we adopt LLM-as-a-Judge4

(Li et al., 2024a) as the primary metric to illustrate
the framework and conduct our study. Additional
metric discussions are provided in § 6.4.

Here, we use the basic QA task to instantiate the
WILD evaluation framework, as our study focuses
on improving the realism of evaluation, rather than
increasing task complexity. Notably, our proposed
framework is task-agnostic and can be easily ap-
plied to more complex scenarios, including multi-
hop and unstructured editing.

4Detailed prompt is provided in Appendix A.4.
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